In this paper we analyze the effects of corruption on income inequality and growth. The analysis advances the existing literature in two ways. First, instead of using corruption indices assembled by various investment risk services, we use an objective measure of corruption: the number of public officials convicted in a state for crimes related to corruption. Second, we avoid comparing different countries by examining the differences in income inequality, growth, and corruption across U.S.
Introduction
Corruption keeps continuing to attract a great deal of attention as increasing number of empirical studies (e.g. Mauro 1995 , Knack and Keefer 1995 , Knack 1996 , Keefer and Knack 1997 , Hall and Jones 1999 , Mo 2001 , Pellegrini and Gerlagh 2004 present persuasive evidence regarding its detrimental effects on various economic variables such as income growth. All of the empirical studies find that corruption decreases income growth significantly. Most of the theoretical studies analyzing the effects of corruption explain its detrimental effects on growth by focusing on the weakness of the central government (Shleifer and Vishny 1993, Barreto 2000) .
According to Shleifer and Vishny (1993) , for example, a weak central government allows independent governmental agencies impose independent bribes on the sale of complementary government goods such as permits. As the number of these agencies increases the total bribe rises to infinity and permit sales falls to zero, reducing investment and growth. Huntington (1968) argues that political modernization, a transition from an autocratic to a more democratic government, weakens the power of the central government and increases corruption by the changes it produces on the output side of the political system. "Modernization, particularly among later modernizing countries, involves the expansion of governmental authority and the multiplication of the activities subjected to governmental regulation (Huntington 1968, 61) ". Such an expansion of a weaker central government leads the emergence of independent government agencies taking bribes. The typical example of this phenomenon is post-Communist Russia. "To invest in a Russian company, a foreigner must bribe every agency involved in foreign investment including the foreign investment office, the relevant industrial ministry, the finance ministry, the executive branch of the local government, the legislative branch, the central bank, the state property bureau, and so on (Shleifer and Vishny 1993, 615) ". According to Shleifer and Vishny (1993) , the second reason why corruption reduces growth is the secrecy inherent in corruption. Keeping corruption secret "shifts a country's investments away from the highest value projects, such as health and education, into potentially useless projects, such as defense and infrastructure, if the latter offer better opportunities for secret corruption (Shleifer and Vishny 1993, 616) ".
Corruption does not only affect income growth but also affects the distribution of income. "The benefits from corruption are likely to accrue to the better connected individuals … who belong mostly to high income groups (Gupta et. al. 2002, 23) ".
As Tanzi (1995) argues, corruption distorts the redistributive role of government.
Since only the better connected individuals get the most profitable government projects, it is less likely that the government is able to improve the distribution of income and make the economic system more equitable. Nevertheless, there are only a couple of empirical studies (Li et. al. 2000 , Gupta et. al. 2002 analyzing the effects of corruption on income distribution whereas theoretical studies are almost non-existent.
Both of the empirical studies find that corruption increases income inequality significantly.
In this study, we analyze the effects of corruption on income inequality and growth by using data from U.S. states. Our analysis advances the existing literature in three ways. First, we avoid comparing different countries by examining differences in income inequality, growth, and corruption across U.S. states. Data on corruption as well as on income inequality and growth for U.S. states are more comparable than those for different countries, and U.S. states are more similar in other dimensions that are difficult to measure. Second, instead of using subjective cross country corruption indices assembled by various investment risk services, we use an objective measure of corruption: the number of government officials convicted in a state for the crimes related to corruption. Finally, we employ 4-year and 5-year panels of income inequality and growth to control for unobserved state characteristics. We find robust evidence that increase in corruption increases income inequality and decreases income growth.
Data
As our measure of corruption across states we use data from the Justice We measure income inequality across states by using data on Gini Coefficients given by Wu, Golan, and Perloff (2002) . To measure income growth across states we use data on real chained dollar Gross State Product (GSP) given by Bureau of Economic Analysis. We also include a number of control variables to minimize the omitted variable bias. In income inequality regressions we include controls for education, unemployment, per capita GSP, and minimum wage along with dummy variables for each of the four census regions. Our measure of education is based on the data on the share of secondary school enrollment in population given by National Center for Education Statistics. Our unemployment data are given by Bureau of Labor Statistics. We use 4-year period averages for all control variables except the minimum wage. For minimum wage we use beginning of period data given by Neumark and Nizalova (2003) . In growth regressions we include controls for initial GSP, education, investment, and population growth along with dummy variables for each of the four census regions. Our measure of investment is based on the data on the share of manufacturing employment in overall employment given by Bureau of Labor Statistics. Population data are given by Census Bureau. Except the initial GSP, we use 5-year period averages for all control variables.
Results

Corruption and Income Inequality
Our basic specification in inequality regressions is as follows:
where Gini st represents the Gini Coefficient of income inequality in state s during period t. Corruption st represents corruption whereas X st represents the set of control variables that affect income inequality (Education, Unemployment, Per Capita GSP, Mississippi, and South Dakota whereas the five least corrupt states appear to be Vermont, Oregon, Washington, Utah, and New Hampshire. Regarding income inequality, Wisconsin, Vermont, Utah, Iowa, and Maine have the lowest Gini Coefficients (lowest income inequality) whereas California, New Mexico, Mississippi, Louisiana, and Texas have the highest Gini Coefficients (highest income inequality). The summary statistics for four 4-year periods between 1982 and 1997 and for fifty states of all variables are given in Table 1 .
The results of Pooled Ordinary Least Squares (OLS) Estimation for six different specifications are given in Table 2 . In all six specifications the estimated The results of the Random Effects (RE) Estimation for six different specifications are given in Table 3 . In most of the specifications the estimated coefficient of Corruption st is positive and highly significant indicating that corruption increases income inequality. It is equal to 0.011 in the specification without any control variables. Similar to the Pooled OLS Estimation, the estimated coefficient of Corruption st does not change drastically when we add the control variables. On the other hand, it looses its significance in the specification with all control variables.
Corruption and Growth
Our basic specification in growth regressions is as follows:
GSP Growth st = β 0 + β 1 ln Initial GSP st + β 2 Corruption st + β 3 ln X st + ε st where GSP Growth st represents the growth rate of real per capita GSP in state s during period t and ln Initial GSP st represents the natural log of initial real per capita GSP. Table 4 .
The results of Pooled Ordinary Least Squares (OLS) Estimation for five different specifications are given in Table 5 . In all five specifications the estimated coefficient of Corruption st is negative and highly significant indicating that corruption decreases growth. The estimated coefficient is almost the same in all specifications. In the specification with all of the control variables it is equal to -0.012 indicating that an increase in the number of convictions for the crimes related to corruption by 1 (per 100.000 people) is associated with almost 1.2 percentage point decrease in growth. Table 6 gives the results of RE Estimation for five specifications. In all five specifications the estimated coefficient of Corruption st is again negative and highly significant. RE Estimation gives only slightly different coefficient estimates. In the specification with all of the control variables except the regional dummies, for example, the estimated coefficient of Corruption st is equal to -0.011, whereas it is equal to -0.014 in Pooled OLS Estimation.
Robustness of the Results
The main robustness issue is whether the results are due to endogeneity. As Mauro (1995) argues high income growth is likely to lead to less corruption and high income inequality is likely to lead to more corruption. The Instrumental Variables (IV) Estimation helps address this problem. The choice of the instrument is extremely important. A good is instrument is a variable that is supposed to be uncorrelated with the error term but correlated with the endogenous variable Corruption st . Previous studies (Mauro 1995) use instruments such as ethnic fractionalization. Nevertheless, validity of ethnic fractionalization as an instrument is open to discussion. Based on Ellis and Dincer (2005) , in this study, we use a new instrument: corruption in the neighboring states. Ellis and Dincer (2005) present a theoretical model predicting that corruption in the states which are close to each other tends to be close. For 48 states they provide supportive empirical evidence. They find that corruption in a state increases as corruption in the neighboring states increases. Table 7 gives the results of the Pooled IV Estimation regarding the effects of corruption on income inequality.
Although the estimated coefficient of Corruption st is bigger it remains positive and highly significant in the specification with all of the control variables except region dummies.
The results of Pooled IV Estimation regarding the effects of corruption on growth are given in Table 8 . The estimated coefficient of Corruption st is smaller but it remains negative and highly significant in most of the specifications. 
Conclusion
In this study we analyze the effects of corruption on income inequality and growth by using data from U.S. states. We find that increase in corruption increases income inequality and decreases growth. Our results are robust to different specifications. An increase in the number of convictions for the crimes related to corruption by 1 (per 100.000 people) is associated with almost 4 percentage point increase in the Gini Coefficient and 1.2 percentage point decrease in growth. 1 We do not give the results of RE IV Estimations since the estimated coefficient of Corruption st is not significant. Table 2 . Pooled OLS Inequality Standard errors in parentheses * significant at 10%; ** significant at 5%; *** significant at 1% 
